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THE  PREMISE

Most product leaders are stuck at Level 1.

The analysis gets done, the feedback gets synthesized, the metric decline gets investigated. But the judgment behind it — knowing which

question to ask first, which signal is noise, which pattern you've seen before — that's still locked inside one person's head. It doesn't scale. It

doesn't compound. And it only gets applied when that person happens to be in the room.

The common advice right now is: use AI to go faster. Add Copilot. Use ChatGPT for your PRDs. Automate the busywork.

That advice is wrong. Not because AI isn't powerful — it is. But because speed isn't the bottleneck. Judgment is.

The product leaders who are actually scaling with AI aren't using it to do the same work faster. They're using it to scale the one thing that used

to be locked inside their head: the pattern recognition they've built over years of being close to the work.

That's what this guide is about. Not how to use AI tools. How to scale what you know — first as a human, then in a system, then through an

agent — so your judgment runs even when you're not in the room.

WHY  MOST  AI  ADOPTION  FAILS  IN  PRODUCT  ORGS

Most product teams adopt AI tools at the task level. Summarize this doc. Draft this PRD. Analyze this data. The work gets done slightly faster.

Nothing fundamentally changes.

The reason nothing changes is that the tools are being given tasks, not judgment. A tool that drafts a PRD doesn't know which PRD matters. A

tool that summarizes customer feedback doesn't know which themes are structural and which are noise. A tool that runs an analysis doesn't

know which question to ask first.

That judgment — which question to ask, which signal matters, which pattern you've seen before — is what makes a senior product leader

valuable. It's the thing that took you a decade to build. And it's the thing most teams are failing to scale, because they're focused on scaling the

tasks instead.

The most valuable thing you can do with AI is not to automate your tasks. It's to encode your

judgment into systems and agents that carry it forward — so the patterns you've learned to recognize

are being applied continuously, not just when you happen to be looking.
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LEVEL  1  ·  HUMAN

The human does it.

What it is

You do the work yourself. You're close to the data, close to the customer signal, close to the code when necessary. You see things others miss

because you've trained your eye over years of looking.

This is where judgment gets built. There is no shortcut.

Why it matters for everything that comes after

You cannot build a system to do work you haven't done yourself. You cannot teach an agent to recognize patterns you haven't seen. Level 1 isn't

just the starting point — it's the foundation that makes Levels 2 and 3 effective.

A product leader who skips Level 1 and goes straight to "let's use AI" will build systems that automate mediocre decisions. The AI will be fast. It

will also be wrong in ways nobody catches, because nobody on the team has the pattern recognition to evaluate its output.

What this looks like

At a B2B SaaS company, trial-to-paid conversion was declining over several quarters. The team assumed a recent UX redesign was the cause.

They were preparing to revert parts of it.

I didn't start with the product change. I started with the population.

I built a segment classification model in SQL — classifying every trial user into strong and weak segments based on role, company size, and use

case. Then I looked at the mix over the same window as the CVR decline.

The weak segments had grown from roughly 30% to over 45% of trial cohorts. The strong segments hadn't changed their conversion behavior

at all. The product wasn't broken. The funnel was filling with the wrong people.

I ran a regression to confirm: for every one-percentage-point increase in weak-segment share, CVR dropped approximately 0.7 points. Linear.

Clear.

While investigating, I found a second issue. A key behavioral event had a tracking gap — a code change two months earlier had broken the

instrumentation. Every analysis of that metric since the change was based on incomplete data. I found it by reading git history.

No dashboard surfaced either finding. No AI tool would have caught them. Both required a human who'd spent years learning which questions

to ask — and who was willing to get close enough to the data to ask them.

The trap

The trap of Level 1 is that it works. You're productive. You're the person with the answers. People rely on you.

But Level 1 doesn't scale. The insights you generate have a half-life of weeks. Next quarter, someone needs to do the same work again. And if

you're the only person doing it, you've created a dependency — not leverage.

The goal isn't to stop doing Level 1. It's to take the patterns you've learned there and encode them into something that runs without you. That's

Level 2.
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LEVEL  2 ·  SYSTEM

A system does it.

What it is

You take the judgment you've built at Level 1 and encode it into infrastructure — pipelines, processes, frameworks — that apply your pattern

recognition continuously, at scale, without you doing the work each time.

This is not about buying tools. Tools are commodities. The system is the methodology you build on top of the tools — the questions it asks, the

windows it watches, the thresholds it flags. That methodology is your judgment, made durable.

Why the human matters here

Anyone can set up an NPS survey. Anyone can configure a dashboard. The reason most synthesis systems fail isn't technical — it's that nobody

with real judgment designed what to look for.

Rolling 14-day windows vs. 30-day windows vs. 60-day windows: choosing those windows requires knowing, from experience, that a 14-day

spike might be noise while a 60-day pattern is structural. A junior PM setting up the system would pick one window and miss the distinction. The

system's value comes from the judgment encoded into its design.

The same is true for segment classifications, experimentation frameworks, and feedback taxonomies. The system is only as smart as the person

who built it. Which is why Level 1 can't be skipped.

What this looks like

After the CVR investigation, I didn't just deliver findings. I built the infrastructure that catches that class of problem continuously.

An NPS sentiment system tracking themes on rolling 14, 30, and 60-day windows. Ten dimensions tracked — chosen because I'd learned from

years of Level 1 work which themes actually predict churn and which are just noise. Qualitative signal combined with behavioral data. An

automated weekly digest delivered without anyone preparing it.

The pipeline caught things the previous quarterly manual reviews had missed. The top churn driver wasn't feature gaps — it was pricing, at

roughly 20%. That finding reoriented the roadmap.

It also surfaced a subtlety that only showed up across data sources: the company had a strong rating on one review platform but a significantly

weaker rating on another. The two platforms capture different moments — satisfaction while using vs. sentiment while canceling. The gap was

diagnostic of the trial-to-paid experience. No single data source would have revealed it. The system caught it because it was designed to look

across sources — because I'd learned, through years of Level 1 work, that the interesting findings live in the gaps between datasets.

The system still runs. Nobody maintains it. The weekly digest still lands.

Separately: pricing research I conducted in year one was still authoritative in leadership pricing decisions five years later. The methodology was

rigorous enough, and the design decisions behind it sound enough, that it became permanent organizational knowledge.

A one-time analysis has a half-life of months. A system built on real judgment has a half-life of years.

The human's value isn't doing the analysis — it's knowing what the system should be looking for.



How to get there

Pick the analytical work you do most often. Now ask: what judgment am I applying when I do this? What do I know to look for that a less experienced

person wouldn't? Write that judgment down. Not the steps — the judgment. Which signals matter. Which timeframes reveal structural patterns. Which

combinations of data sources surface insights that single sources miss. That document is the spec for your system. The tooling to build it is trivial. The

judgment to design it is not.
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LEVEL  3 ·  AGENT

An agent does it.

What it is

You take a workflow you've systematized and package it as an autonomous agent — something that runs on its own schedule, applies your

judgment at scale, and surfaces the things that need human attention.

This is not the same as using AI tools. Using Claude to write a PRD is Level 1 with a faster keyboard. Building an agent that does competitive

research, drafts tickets, and generates mockups every night — applying the evaluation criteria you've developed over a decade — that's Level

3.

Why the human is still essential

Here's what most people get wrong about AI agents: they think the hard part is the technology. It's not. The hard part is knowing what to tell the

agent to do.

An agent is only as good as its instructions. And its instructions are only as good as the judgment of the person who wrote them. An agent that

monitors Slack for feature requests is useless if it can't distinguish a strategic opportunity from a nice-to-have. An agent that does competitive

research is useless if it doesn't know which dimensions of comparison actually matter.

That's why you can't skip from Level 0 to Level 3. You can't hire a junior PM, hand them Claude, and say "build me an agent." They'll build

something that runs. It just won't be smart.

The decade of Level 1 work — the years of being close to the data, learning which questions reveal real

problems — is what makes the agent effective. The agent doesn't replace the experienced operator. It

scales them.

What this looks like

I'd developed a personal AI workflow for my own PM work over several months:

I ran this workflow manually, roughly once per feature. Each cycle took about an hour. Then I recognized: the workflow was systematic enough

to describe. And I'd been doing it long enough to know exactly which inputs mattered, which competitive dimensions to evaluate, and which

output format the team could actually act on.

I built Sasha — an autonomous PM agent — in about ten minutes by dictating the spec to Claude. She runs every night at 3am.

She monitors team Slack for feature requests tagged with a specific emoji. For each tagged request, she conducts competitive and demand

research. She drafts a structured Jira ticket — the opportunity, the competitive landscape, a recommendation. She generates an interactive

mockup.

Claude for research and thought partnership

Codex for understanding code constraints

Figma Make for generating mockups

Codex for implementation scoping



By morning, every tagged feature request has a research brief, a ticket, and a visual — ready for the team to review, decide, and either ship or

skip.

But here's what makes Sasha effective: it's not the technology. It's the judgment baked into her instructions. Which competitive dimensions to

research. What format the ticket should follow. Which signals to highlight as high-priority. How to frame a recommendation so the team can

make a fast decision. All of that came from years of doing the work personally.

The ten minutes it took to build her is the punchline. The decade of pattern recognition that made those ten minutes productive is the story.

How to get there

Identify one workflow you do regularly that follows a recognizable pattern. Not your hardest work — your most repetitive smart work. Now describe it

out loud. Not the steps — the decisions. What do you evaluate? What signals do you weight? What makes good output vs. mediocre output? If you can

articulate that, you can build an agent. The technology is the easy part. The judgment is the moat.
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THE  REAL  ARGUMENT

Why experienced operators matter more now, not
less.

The three levels aren't just a personal productivity framework. They're an argument about what makes senior product leaders valuable in an AI-

native world.

The common fear is that AI replaces senior operators. It doesn't. What AI does is expose the difference between operators who have real

judgment and operators who were just fast at tasks.

If your value as a product leader is that you can write SQL and run analyses quickly — yes, AI will eat that. If your value is that you can draft

PRDs and summarize feedback — AI already does that.

But if your value is that you've spent a decade learning which questions to ask, which patterns predict real problems, which signals are noise

and which are structural, which competitive dimensions actually matter, and which feedback themes map to real churn drivers — then AI

doesn't replace you. It gives you the most powerful scaling tool you've ever had.

The product leaders who will thrive in the next five years aren't the ones who adopt AI tools the

fastest. They're the ones who have the deepest judgment to encode — and who know how to encode it

into systems and agents that carry it forward.

The human builds the judgment. The system encodes it. The agent scales it.

The human is essential at every level. Not because the human is the only one who can do the work — but because the human is the only one

who knows what the work should be.

THE  QUESTION

If you're a product leader reading this, here's the honest question:

What do you know — from years of doing the work — that nobody on your team knows? What patterns do you recognize that a less

experienced person wouldn't? What judgment are you applying that you've never written down?

That's your most valuable asset. And right now, it's locked inside your head, applied only when you happen to be in the room.

The opportunity isn't to use AI to do your work faster. It's to encode what you know into systems and agents that apply your judgment at scale

— continuously, reliably, even while you sleep.

"That's what I do. And if that's a conversation worth having, I'd love to talk."

jennaminnix.com  ·  jennakertz@gmail.com


